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ABSTRACT 

 

Numerous research papers provide strong evidence that AI plays a facilitator's role in decision-making 

in the field of information technology. The study was conducted using sample participants n = 252 those 

who had a managerial role in IT organizations. The research approach involved training these Managers 

with AI algorithms and two datasets provided to analyze and provide their recommendations as possible 

decisions. The research paper highlights the importance of AI algorithms and develops an important 

need for visual strategies in decision-making processes. 
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Local authorities in the field of Artificial Intelligence now have large data in the form of different 

formats and to a different degree. The advent of big data has moved the industry from a data transition to 

a data-intensive phase, where every Manager has data to consider before making any small or large 

decision. So in this research article, the exercise is about how AI will improve the chances of the 

accuracy of a decision made by management in recent years. Managers associate their situation with any 

game or management idea, finding a solution to business problems (Soccea, 2012). 
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After independence in 1991, many account-based policies and data-driven decision-making began to 

gain momentum in the industry with better accuracy of the decision-making system. The context of 

decision-making was based on past historical data collected on the public domain and internal support 

data (Luft, 2007). The design that thinks as a conceptual framework began to flow from Stanford 

University as an industry-standard in the name of the Balance scale to mean the financial life of the 

company on their bench (Mouritsen & Kreiner, 2016). The term Intelligence Augmentation (IA) came 

about as a result of the use of big data to increase decision-making in the industry (Miller, 2018). The 

use of AI in the cybersecurity environment has greatly improved in evaluating the AI benefits of critical 

business applications. 

 

This conceptual paper demonstrates the research of the research community and management in the AI 

industry to plan AI decision-making strategies for accuracy and decision-making results as a result of 

large data collected by AI expertise. In particular, this work aims to develop an artistic framework for 

the AI-driven decision-making process. 

Empirical testing is done in a three-step process (1) Identifying participants in AI (2) Let them 

understand AI skills, and (3) Develop an AI approach through their strategic planning process. In many 

organizations in AI information technology algorithms are used in the critical decision-making process. 

All companies seeking digital change in their customer interactions, business operations, and financial 

recognition have a failed focus on using AI in their day-to-day operations such as AI bots seamless 

customer communication (Choudhry & Garg, 2008). 

 Analyzing artificial intelligence (AI) data at an integrated level homogeneity of data is critical to 

relieving data reliability and performance. Data will not be matric, non-standard, however, we need to 

analyze collaboratively based data to measure the intensity of measuring data interpretation with the best 

decision-making process in the Information Technology (IT) industry. (Examples of company stock 

exchange data, job details, compensation and benefits data, and performance appraisal data, etc.). The 

situation becomes more critical when the time available by hand becomes too short to check the 

accuracy of the data and perform test-drive results (Mosier & Skitka, 2018). AI algorithms can test in 
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less than ten seconds in human endeavors. (Examples are market analysis, industry trends, competitors 

analysis, and financial speculation, etc.). 

 

Sample respondents in this study are Industrial Managers in the field of decision-making processes or 

Graduate students who have experience in the decision-making process in any particular business. 

(Miklos and Vasarhelyi, 2019). The Research Statement is to use Artificial Intelligence as a catalyst in 

the strategic decision-making process. 

The research is structured in such a way that it teaches graduate students, industry managers to consider 

the implications of AI, explain the decision-making process, and share the impact on strategic outcomes. 

The first step in finding out that respondents were accustomed to setting up data was achieved by 

informing participants about AI data. The second step performs the task of analyzing and responding 

using the Microsoft Power BI (Business Intelligence) tool. The third step is to develop neural network 

algorithms on their own using the same database. The respondent will have to compare the release of the 

energy business intelligence (BI) with the release of their neural network to perform a powerful catalyst 

system test. The benefits of the catalyst system are an important addition to the literature available in the 

AI area and form the basis for future research case studies on the process of making decisions about AI. 

The current performance appraisal also provides an AI framework to trust the AI decision-making 

process and results in the information technology industry. 
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